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M icro-calcifications D etection Based on Iterative Rank-order
Filter Subspace and SVM with Rejection F eature
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Abstract To mprove the speed and the problen of high false positve inm ico-caleificaton detectbn a
novelm ico-calcif raton detectonm ethod based on suppo rtvector classifierm odelw ith rejecton feature and ltera-
tve Rank-oer Filter Subspace is proposed In the taining step itemtve mnk-oder filter is used as coarse detec-
o1 and the nonmm icro-calcification training samples are sekcted from the constrmined subspace So it overcom es
the effect of num ber difference betw een the negatve and positive san ples and at the san e tn e it reduces the com -
puting load n training stage In the detectbn step coarse detectbn is appled at first to find suspectm rw-calcifica-
ton region, then Firs he first layer of support vector classifier (SVC) w ithm ax mun m aigin betw een wo classes
w ill be used for classification the nputpatteny and he phere support vectors of truem cw-calcificaton points de-
scrbing the distribu tion of the san pk are obtaned by searching all he sphere boundaries contaning the samplks of
this class So the mputpattem of no-object classes can be repcted by the second support vector dom ain descrip ton
(SVDD). Lastly the resulis of SYC and SVDD classifier are ntegrated to obtain the accurate results Experin ental
results dan onstrate hat the new cakificaton deectonm ethod perfom sbetter n achieving bw er false po sitive rate
(FPR) and fast speed

Key words support vector chssifier m icro-calcification detectbr suppo rt vector data descriptor ®jecton

feature iterative rank-owder filters
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